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relationship between methods is similar to Category 1,but actual method calls can appear un-related in sourcecode because of common coding patterns (i.e., Chainof Responsibility [7]). This category includes both theevent triggering and the handling methods, in whichthe methods do not have an Event object (or sub-class)as a parameter. We distinguish this category from thenext event handling category, by the non-existence



In order to classify Table 1 with this rule-set, we startwith the �rst rule, and the working set initialized toall examples. The �rst rule classi�es examples one andthree in Table 1, so we note their classi�cation (in thiscase



which method M is called.Calls-In-Clones. If the calls to a method M are of-ten part of clones, then it is likely that M is alwayscalled before or after a certain segment of code or par-ticular method call. Manual tagging found that methodM with this property was often a good candidate. The
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[17] used PDG-based clone detection to discover seedswith very high precision. Magiel and van Deursen [15]compared token-based and AST-based clone detectiontechniques for seed discovery, �nding no clear winner be-tween these methods, but con�rming that cross-cuttingfunctionality is often implemented using code clones [3].Silvia et al. [2] performed sev.716 10


